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A. Sample Characteristics

Table A1: Percentage of total corporate contributions coming from firms in our sample

Year
Contributions

(sample), USD
Contributions

(total), USD
Share of contributions by

firms in sample (%)
Number of

firms (total)

2010 442,493,970 5,041,759,603 8.78 20,706
2014 281,254,029 1,843,254,426 15.26 16,092

Notes: Percentage of total contributions in national elections Brazilian national elections coming from firms in our sample. Total
contributions only considers legal entities that are private companies, operationalized by taking those whose legal entity code (codigo da
natureza juridica) starts with number 2, excluding NGOs and political candidates. See here for these codes and their meaning.

B. Theoretical Framework

B.1. Setup

We model the strategic decisions of individuals in a firm’s leadership who choose their level of
contributions to political campaigns, under the assumption that such contributions increase the
firm’s value. Let L denote the set of individuals in leadership. If the firm is a family firm, a
nonempty subset F ⊂ L consists of members of the controlling family; otherwise, F = ∅.

We denote by yi ≥ 0 the amount of the donation by individual i ∈ L to the campaign, and by
y f ≥ 0 the amount of the donation made by the firm. Before the ban on corporate contributions,
y f is chosen by the firm; after the ban, y f = 0 is fixed. Let y =

∑
i∈L yi + y f denote the total

contribution by the firm and its leadership. The timing of actions is as follows:

1. Individuals in the leadership, i ∈ L, simultaneously choose their contribution levels yi.
2. If allowed, the firm chooses the corporate contribution y f .

This is a game of perfect information, so the equilibrium concept is sub-game perfect equi-
librium.

Contributions generate a net value for the firm, given by V(y) = 1
2 ȳ2− 1

2 (y− ȳ)2, where ȳ > 0
is a parameter representing the optimal level of contributions. The functional form reflects
the assumption that contributions have decreasing returns, and after a certain point, ȳ, they are
wasteful. We assume that the firm maximizes V(y).

Following Ballester, Calvó-Armengol and Zenou (2006), we model individuals’ utility as
a function of their own actions as well as the actions of peers in their network. Individuals’
payoff is given by: (i) the share of the firms’ value that they internalize, si ≥ 0 (this may be
among other reasons, because of stock ownership, performance-based compensation, or career
concerns); (ii) the private benefit from their contributions (given, for example, by ideological
motivations); and (iii) social incentives.

ũi = siV(y)︸︷︷︸
share of value added

to the firm

+ (γ⊤xi + ϵi)yi︸        ︷︷        ︸
private value

+ ζ
∑
j∈L−i

y jyi︸     ︷︷     ︸
social incentives

−
1
2

cy2
i︸︷︷︸

private cost

. (1)
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In Equation 1, individual incentives to contribute take the form of a marginal benefit γ⊤xi +

ϵi, where γ ∈ Rk is a vector of parameters, xi ∈ R
k is a vector of observable individual character-

istics (for example, age and public sector experience), and ϵi ∈ R is an “error term”. Individuals
also have have a social incentive to contribute, which yields a marginal benefit proportional to
the aggregate level of donations by other individuals in L, leading to the term ζ

∑
j∈L−i

y jyi,
where ζ ≥ 0 is a parameter and L−i = L ∖ {i}. Finally, individuals pay a convex cost 1

2cy2
i for

their donations, which captures the opportunity cost of spending.

Taking this utility function as a baseline, the payoffs of individuals inside and outside the
controlling family differ in the following way. The payoff for individuals outside the controlling
family, i ∈ L ∖ F, is ui = ũi. By contrast, the payoff for individuals in the controlling family,
i ∈ F, is given by

ui = (1 − α)ũi︸    ︷︷    ︸
ego welfare

+ α
∑
j∈F−i

ũ j︸   ︷︷   ︸
family welfare

, (2)

where α ∈ (0, 1) captures the strength of altruistic preferences within the family. In other
words, family members internalize the payoff of other members of the family to some extent,
captured by the parameter α. This is consistent with Becker (1974). Alternatively, α can be
thought of as the strength of kinship norms (Enke, 2019; McNamara and Henrich, 2017).

Substituting (1) into (2), we obtain the following payoff for family members

ui = sF
i V(y) + αζ

∑
j∈F−i

y jyi + (1 − α)

(γ⊤xi + ϵi)yi + ζ
∑
j∈L−i

y jyi −
1
2

cy2
i

 + Ki, (3)

where sF
i = (1 − α)si + α

∑
j∈F−i

s j and Ki collects the terms that do not depend on yi and thus
cannot be affected by i’s behavior directly.

We let the parameter α change after the ban on corporate contributions, since restrictive
campaign finance regulation poses a threat to the family, which risks losing the flow of rents it
receives in return for campaign contributions. We argue that this is the type of negative shock
that may strengthen cooperative norms (Gelfand, Harrington and Jackson, 2017; Gelfand, 2019;
Harrington and Gelfand, 2014). Thus, αpre denotes the value of the parameter before the ban,
whereas αpost denotes its value following the ban. We assume that αpost > αpre.

B.2. Two Assumptions

We make the following two technical assumptions for tractability.

Assumption 1. We assume that

c >
1
ȳ

max
S⊂L

∑
i∈S

(γ⊤xi + ϵi)

 + ζ(|L| − 1) +
αζ

1 − α
(|F| − 1)

for α ∈ {αpre, αpost}.

In other words, the marginal value of a dollar spent is sufficiently large relative to the
marginal private value of contributions for individuals. The assumption entails that individual
and social incentives to contribute do not induce individuals to donate a higher amount than
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the firm’s optimal contribution. Thus, prior to the ban, individuals necessarily use the firm as a
vehicle for contributions, as opposed to contributing individually to maximize the firm’s value.

This assumption is plausible given the high rents at stake for firms, and the empirical ob-
servation that before the ban corporate contributions constituted the majority of donations.

Lemma 1. Under Assumption 1, in any equilibrium we have
∑

i∈L yi < ȳ.

Proof. See the Appendix. □

Assumption 2. We assume that γ⊤xi + ϵi ≥ 0 for every i ∈ L. In other words, individuals do
not have individual incentives not to contribute.1

B.3. Results

Analysis when the firm can make contributions. The firm chooses y f to maximize V
(
y f +

∑
i∈L yi

)
,

and
∑

i∈L yi < ȳ by Lemma 1. Therefore, the aggregate contribution level is y = ȳ regardless
of the contributions by individuals who, for this reason, do not internalize the effect of their
contributions on the value added to the firm V(y).

Given the contribution choices of other members, an individual i ∈ L who is not in the
family has payoff given by (1), which, using that y = ȳ, is maximized for

yi =
ζ

c

∑
j∈L−i

y j︸   ︷︷   ︸
firm peer effects

+
γ⊤xi

c︸︷︷︸
effect of individual

characteristics

+
ϵi
c
,︸︷︷︸

error term

(4)

which is non-negative by Assumption 2. We can interpret 1
cζ as the endogenous peer effects

(Manski, 1993). The expected baseline contribution amount, i.e., assuming y j = 0 for every
j ∈ F−i, is 1

cγ
⊤xi.

If i is in the controlling family, their payoff is given by (3) and, therefore, in equilibrium,

yi =
1
c
αpreζ

1 − αpre

∑
j∈F−i

y j︸               ︷︷               ︸
family peer effects

+
ζ

c

∑
j∈L−i

y j︸   ︷︷   ︸
firm peer effects

+
γ⊤xi

c︸︷︷︸
effect of individual

characteristics

+
ϵi
c
,︸︷︷︸

error term

(5)

which, again, is non-negative by Assumption 2. Note that the peer effect given by firm peers is
1
cζ, the same as for non-family members, but family members have an extra intra-family peer
effect 1

c
αpreζ

1−αpre
, which increases with the strength of the familial bond αpre. The expected baseline

contribution amount is the same as for non-members of the family, viz, 1
cγ
⊤xi.

Analysis when the firm cannot make contributions. Without corporate campaign contribu-
tions, y f = 0. Therefore, individuals care about their contribution to the added value to the
firm V(y). By straightforward maximization we obtain the equilibrium contribution levels by

1This assumption is stronger than what we need for our results. It would be sufficient to assume that individual
preferences do not overwhelm other incentives to contribute.
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non-family members

yi =
si

c + si
ȳ︸ ︷︷ ︸

constant

+
ζ − si

c + si

∑
j∈L−i

y j︸         ︷︷         ︸
firm peer effects

+
γ⊤xi

c + si︸︷︷︸
effect of individual

characteristics

+
ϵi

c + si︸︷︷︸
error term

, (6)

and for family members

yi =
sF

i

(1 − αpost)c + sF
i

ȳ︸                ︷︷                ︸
constant

+
αpostζ

(1 − αpost)c + sF
i

∑
j∈F−i

y j︸                        ︷︷                        ︸
family peer effects

+
(1 − αpost)ζ − sF

i

(1 − αpost)c + sF
i

∑
j∈L−i

y j︸                        ︷︷                        ︸
firm peer effects

+
γ⊤xi

c + sF
i

1−αpost︸     ︷︷     ︸
effect of individual

characteristics

+
ϵi

c + sF
i

1−αpost︸     ︷︷     ︸
error term

.
(7)

Comparing (4) and (6), note that the firm peer effect decreases from 1
cζ to 1

c+si
(ζ − si) if

the firm cannot make contributions. This is because the social incentives create a strategic
complementarity between contributions, but the incentive to donate in order to increase the
value of the firm turns donations into strategic substitutes, since the value of the firm is a
public good. We observe that private incentives to donate diminish after the ban from 1

cγ
⊤xi to

1
c+si
γ⊤xi.

Comparing (5) and (7) we notice that the family peer effect changes from

αpreζ

(1 − αpre)c
to

αpostζ

(1 − αpost)c + sF
i

when we compare before and after the ban. The family peer effect increases if and only if

αpost >

(
1 +

sF
i

c

)
αpre.

The increase in α due to the ban will increase family peer effects as long as private incentives
to contribute, given by sF

i , are not too large relative to the social incentive induced by α.

Finally, the ban has a positive effect on contributions by creating the “constant” terms in (6)
and (7), namely

si

c + si
ȳ and

sF
i

(1 − αpost)c + sF
i

ȳ.

Notice that these terms can be greater for family than for non-family members of the leadership
for two reasons. First, since αpost > 0, the denominator in the term for family members is
smaller. Second, sF

i is greater than si for members of the family that own fewer shares of the
firm than the average member of the family, which increases this term.

Taking stock. In sum, we have the following proposition:

Proposition 1. Under Assumptions 1-2, there is a unique equilibrium, and individual cam-
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paign contributions are given by (4) and (5) when corporate contributions are allowed, and (6)
and (7) after the ban.

The model shows that the ban has different effects on family and non-family members. For
non-family members, the ban:

(i) reduces the firm peer effect due to social incentives,
(ii) reduces the effect of individual incentives to contribute, and

(iii) increases the baseline contribution amount for those members that internalize the value
of the firm (for example, the owners and the CEO).

By contrast, for family members, the ban:

(i) reduces the firm peer effect,
(ii) increases the baseline contribution for every member of the family, regardless of stock

ownership or position in the executive hierarchy, and
(iii) may amplify the family peer effect if kinship norms become stronger.

These effects are increasing in α, the strength of kinship norms.

The model illustrates how regulation targeted at corporate campaign contributions changes
the behavior of individuals, and how this effect differs for individuals with strong versus weak
kinship norms. The ban creates a collective action problem that weakens purely social incen-
tives, but politically activates family members who internalize each other’s welfare.

B.4. Empirical Estimation

The model yields the following testable predictions. Before the ban, we should observe

yi = ρpreIi

∑
j∈F−i

y j + δpre

∑
j∈L−i

y j + γ
⊤
prexi + ϵ̃i,pre,

where Ii = 1 if i ∈ F and 0 otherwise. The regression parameters to be estimated correspond to
the following parameters in the theoretical model, which follows from (4) and (5).

Model Parameters Regression Parameters
1
c
αpreζ

1−αpre
ρpre

ζ/c δpre

γ/c γpre

ϵi/c ϵ̃i,pre

After the ban, we should observe

yi = βiIi + ρi,postIi

∑
j∈F−i

y j + δi,post

∑
j∈L−i

y j + γ
⊤
i,postxi +

si

c + si
y∗ + ϵ̃i,post,

where
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Model Parameters Regression Parameters
sF

i
(1−αpost)c+sF

i
y∗ − si

c+si
y∗ βi

αpostζ

(1−αpost)c+sF
i

ρi,post

(1 − Ii)
ζ−si
c+si
+ Ii

(1−αpost)ζ−sF
i

(1−αpost)c+sF
i

δi,post

(1 − Ii)
γ

c+si
+ Ii

γ

c+
sF
i

1−αpost

γi,post

(1 − Ii) ϵic+si
+ Ii

ϵi

c+
sF
i

1−αpost

ϵ̃i

which follows from (6) and (7). Note that the only dependence of the coefficients βi, ρi,post,
δi,post and γi,post on i is through Ii and si. These regression equations can be estimated from the
data.

Proof of Lemma 1 and Proposition 1

Proof of Lemma 1. By contradiction. Assume that
∑

i∈L yi ≥ ȳ in equilibrium. Each yi maxi-
mizes ui given y j for every j ∈ L−i subject to the constraint yi ≥ 0. If yi = 0 for every i then∑

i∈L yi = 0, so
∑

i∈L yi < ȳ, contradiction. Hence there is at least one i ∈ L such that yi > 0. Let
P = {i ∈ L : yi > 0}. We have ∂ui

∂yi
= 0 for each i ∈ P and

∑
i∈P yi =

∑
i∈L yi. Hence

0 =
∑

i∈P∩L∖F

∂ui

∂yi
+

1
1 − α

∑
i∈P∩F

∂ui

∂yi

=
∑

i∈P∩L∖F

siV ′(y) + γ⊤xi + ϵi + ζ
∑
j∈L−i

y j − cyi


+

∑
i∈P∩F

 sF
i

1 − α
V ′(y) + γ⊤xi + ϵi + ζ

∑
j∈L−i

y j − cyi +
α

1 − α
ζ

∑
j∈F−i

y j


≤

∑
i∈P

(γ⊤xi + ϵi) +
(
ζ(|L| − 1) +

αζ

1 − α
(|F| − 1) − c

)∑
i∈L

yi

≤ max
S⊂L

∑
i∈S

(γ⊤xi + ϵi)

 + (
ζ(|L| − 1) +

αζ

1 − α
(|F| − 1) − c

)
ȳ < 0

This contradicts Assumption 1, which we used in the previous step. □

Proof of Proposition 1. The best responses are uniquely given by y f = ȳ −
∑

i∈L yi, (4) and (5)
when corporate contributions are allowed, and (6) and (7) when y f = 0 is imposed. This linear
system of equations can be written in vector form as (I−A−B)y = z, where I, A, B ∈ RL×L, y, z ∈

RL, I is the identity matrix, Ai j = 1i, j
1
cζ before the ban and Ai j = 1i, j

[
1i<F

ζ−si
c+si
+ 1i∈F

(1−αpost)ζ−sF
i

(1−αpost)c+sF
i

]
afterwards, Bi j = 1i, j∈F,i, j

1
c
αpreζ

1−αpre
before the ban and Bi j = 1i, j∈F,i, j

αpostζ

(1−αpost)c+sF
i

after the ban.
To show that there is a unique equilibrium it’s enough to show that I − A − B is invertible,
and, for that, it’s enough to show that ∥A + B∥∞ < 1, where ∥·∥∞ is the matrix norm. Now,
∥A + B∥∞ ≤ ∥A∥∞ + ∥B∥∞ ≤ (|L| − 1) ζc + (|F| − 1) αpostζ

(1−αpost)c
. By Assumptions 1-2 we have

c > ζ(|L| − 1) + αpostζ

1−αpost
(|F| − 1), so dividing by c we obtain ∥A + B∥∞ < 1, as desired. □
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C. Discussion of the Peer Effects Model

C.1. Estimation and Identification Assumptions

Estimating peer effects presents two challenges. The first is endogeneity: peers’ actions (the
independent variable) are affected by the individual’s own actions (the dependent variable)—in
Equation 4 both family contributions

∑
j∈Nfamily

i
y j f t and firm peers’ contributions

∑
j∈Nfirm

i
y j f t are

correlated with the error term ϵi f t, rendering the OLS estimator inconsistent. The second chal-
lenge is homophily—individuals in the same networks may share unmeasured characteristics,
and thus ϵi f t and ϵ j f t may be correlated for j , i in i’s family or firm. This creates and addi-
tional source of correlation between peer actions and the error term, which further invalidates
the OLS estimator. This last problem could be assuaged by adding firm-year fixed effects to
the OLS estimator. However, we do not do this, because it would mechanically introduce a
downward bias on δ, since, keeping the mean probability of donating in a given firm constant
(absorbed by u f t), a higher contribution by peers necessarily implies a lower contribution by
a given individual (thus, making δ < 0). By contrast, the 2SLS is guaranteed to be consistent
when including fixed effects (Wooldridge, 2010, p.354).

To address these two problems, we use a two-stage least squares (2SLS) estimator with
firm-year fixed effects. We instrument the contributions of i’s peers with their individual charac-
teristics. Specifically, we use a vector of characteristics of i’s neighbors in her family network,∑

j∈Nfamily
i

x j f t, and firm network,
∑

j∈Nfirm
i

x j f t, as instruments for their respective contributions,∑
j∈Nfamily

i
y j f t and

∑
j∈Nfirm

i
y j f t. To construct these instruments, we use observable characteris-

tics that are predictive of contributions: membership in top management, joint membership in
both management and the board of directors, fraction of voting shares owned, public sector
experience, experience in elected office, and age.

The validity of this estimator requires the exclusion restriction both for the family and the
firm networks. That is, conditional on membership in the same firm and/or in the controlling
family2 individual j only affects individual i’s contribution decision through her own contribu-
tion decision—and not, for example, through her individual characteristics or membership in
the controlling family.

The formal statement of the identification assumption in the main text is:

Assumption. E(ϵit f |I
family
i f t , {X jt} j∈ f , u f t) = 0 and, given any two individuals i , j

from firms f , f ′ in times t, t′, ϵit f , ϵ jt′ f ′ are conditionally independent given Ifamily
i f t , {Xkt}k∈ f , u f t,

Ifamily
j f ′t′ , {Xkt′}k∈ f ′ , u f ′t′ .

This assumption is plausible because we flexibly account for unobserved effects within
firms by including firm-year fixed effects. These fixed effects also help mitigate concerns about
homophily, as they absorb the common effects of characteristics that may be causally related to
membership in a given firm.

2More precisely, conditional on the common firm-year fixed effect u f t and the family-membership indicator
Ifamily
i f t .
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C.2. Peer Effects Robustness: Placebo Ties

In this section, we address the possibility that the estimated peer effects could be mechani-
cally generated by any ties—not just family ties. As a placebo test, for each firm and year,
we generate random ties among a random subset of individuals (of roughly the same size as
families) in leadership positions in family firms—thus holding constant between-firm varia-
tion. We re-estimate Equation 4 using these random ties and report the estimates from 1,000
simulated networks (Figure C1) along with the associated p-values (Table C1). The results
reject the null hypothesis that the effect of family ties is indistinguishable from that of random
ties (in networks of similar size) after the ban. This is evidence that our findings do not arise
mechanically.

Figure C1: Peer effects placebo: random peers

Before Ban (2SLS) After Ban (2SLS)

Before Ban (OLS) After Ban (OLS)

0.00 0.05 0.10 0.00 0.05 0.10

0

100

200

0

100

200

Effect of Contributions by Peers (Random Ties)

Notes: Histograms show the distribution of estimates obtained from 1,000 random networks. The red line indicates
the estimate from the family network reported in Table 3. The top row displays OLS estimates before and after
the ban. The bottom row displays 2SLS estimates for the same periods.

Table C1: Random peer effects placebo: hypothesis tests

Column Estimator Period p-value

1 OLS Before Ban 0.119
2 OLS After Ban 0.000
3 IV Before Ban 0.001
4 IV After Ban 0.000

Notes: The p-values correspond to two-sided
hypothesis tests, where the null hypothesis states
that the effect of contributions by family peers is
no larger in absolute value than the effect of con-
tributions by random peers. The test statistic is
the peer effect estimate from Equation 4.

Since individuals may belong to multiple networks, we re-estimate Equation 4 using al-
ternative networks that can be reconstructed from the data. Specifically, we consider the net-
work of public sector peers—defined as individuals who were employed in the public sector at
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some point, based on biographical information in the CVM data—and the network of higher
education peers—individuals who obtained a degree from the same university. In the 2SLS
specification, we find no evidence of peer effects after the ban for either network (Table 4).

C.3. Robustness to Different Instrument Combinations

Figure C2 presents 2SLS estimates from Equation 4 using all possible non-empty subsets
(27 − 1) of the seven instruments:

∑
j∈Ni

x j f t, where x denotes membership in top manage-
ment, membership on the board of directors, membership in both management and the board,
fraction of voting shares owned, prior public sector experience, prior elected office, and age.
For family peer effects, the top-left panel shows that none of the estimates are statistically sig-
nificant at the 95 percent level before the ban. In contrast, the top-right panel shows that 97.6
percent of the post-ban estimates are positive, and 63 percent are statistically significant. For
firm peer effects, a comparison between the bottom-left and bottom-right panels reveals that
the coefficient is muted after the ban—consistent with our theoretical expectations.

Figure C2: 2SLS estimates from Equation 4 with all possible instrument combinations
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Notes: Each vertical bar plots a second-stage 2SLS estimate from Equation 4 and its associated 95% confidence interval, using one of
the non-empty subsets (27−1) of the seven instruments. The instruments are defined as

∑
j∈Ni x j f t , where x indicates: membership in top

management; membership on the board of directors; membership in both management and the board; fraction of voting shares owned;
public sector experience; elected office experience; and age.
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D. Leadership and Authority Structure within the Firm

Table D1: Ownership concentration as a potential confounder

Contributions by the
Leadership in 2018 (log)

Contributions by the Firm in 2014 (log) −0.011
(0.070)

× Family Firm 0.234∗

(0.099)
× Ownership Concentration −0.082

(0.149)
Family Firm 0.288

(0.968)
Ownership Concentration 1.608

(1.216)

Observations 292
Adjusted R2 0.212
Industry FE ✓

Notes: OLS estimates. Covariates include: whether the firm is
foreign- or state-owned; total assets; income; firm age; percentage
of ordinary shares owned by natural persons; the Herfindahl index of
ordinary shares held by ultimate owners; percentage of shares in free
float; and the largest shareholder gap. The specification also includes
industry fixed effects (industries: agriculture, extractive, manufac-
turing, energy, utilities, construction, services, finance, and holding).
Standard errors are clustered at the firm level. See Table J1 for exact
variable definitions.
∗∗∗p < 0.001; ∗∗p < 0.01; ∗p < 0.05
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Table D2: Firm-level substitution: Blockholder number and concentration

Contributions by the
Leadership in 2018 (log)

(1) (2)

Contributions by the Firm in 2014 (log) −0.031 −0.047
(0.068) (0.064)

× Family Firm 0.224∗ 0.223∗

(0.099) (0.102)
× 1 / Number of Blockholders 0.024

(0.115)
× Blockholders Concentration 0.251

(0.231)
Contributions by the Leadership in 2014 (log) 0.293∗∗∗ 0.282∗∗∗

(0.057) (0.056)

Observations 292 292
Adjusted R2 0.232 0.211
Industry FE ✓ ✓

Notes: Estimates from an OLS model with standard errors
clustered at the firm level. The model includes firm- and
corporate governance controls. Firm-level controls include
indicators for whether the firm is foreign- or state-owned, as
well as total assets, income, and age. Corporate governance
controls include the percentage of ordinary shares owned by
natural persons, the concentration of ordinary shares held by
the firm’s ultimate owners, the percentage of shares in free
float, and the largest shareholder gap. The specification also
includes industry fixed effects (industries: agriculture, ex-
tractive, manufacturing, energy, utilities, construction, ser-
vices, finance, and holding). The sample size (N = 292) re-
flects the intersection of firms present in our sample in both
2014 and 2018 and the availability of all control variables.
See SI Table J1 for exact variable definitions.
∗∗∗p < 0.001; ∗∗p < 0.01; ∗p < 0.05
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Table D3: Difference in differences: augmented set of blockholders

Probability of Contribution

(1) (2)

Family Ties × Post 2015 0.032∗∗

(0.010)
× The Firm Contributed Before the Ban 0.038∗∗∗

(0.011)
× The Firm Did Not Contribute Before the Ban −0.004

(0.019)
Family Member × Post 2015 0.019

(0.027)
× The Firm Contributed Before the Ban 0.014

(0.031)
× The Firm Did Not Contribute Before the Ban 0.070

(0.044)
Manager × Post 2015 0.008 0.007

(0.009) (0.009)
Board of Directors × Post 2015 0.015 0.016

(0.009) (0.009)
Manager and in Board of Directors × Post 2015 0.026 0.025

(0.016) (0.016)
Fraction of Voting Shares Owned × Post 2015 0.102∗∗∗ 0.100∗∗∗

(0.029) (0.029)

Observations 66383 66383
Adjusted R2 0.363 0.363
Firm × Year FE ✓ ✓
Individual FE ✓ ✓

Notes: Estimates from Equation 2 using OLS. The unit of analy-
sis is individuals in leadership positions within firms in the sam-
ple. All models include firm-year and individual fixed effects.
Standard errors are clustered at the individual level. See SI Ta-
ble J2 for variable definitions.
∗∗∗p < 0.001; ∗∗p < 0.01; ∗p < 0.05
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Table D4: Peer effects: latent groups

OLS 2SLS

Before 2015 After 2015 Before 2015 After 2015

Family Ties 0.007 0.058∗∗∗ 0.058 0.061∗

(0.014) (0.016) (0.038) (0.026)
Owners→ Owners Ties −0.004 0.037∗∗ −0.024 0.034∗

(0.009) (0.014) (0.015) (0.017)
Management→Management Ties 0.010∗∗ 0.014∗ 0.017∗∗ 0.007

(0.004) (0.007) (0.006) (0.011)
Board→ Board Ties 0.000 0.007∗ 0.006∗ 0.007

(0.001) (0.003) (0.003) (0.005)
Owners→Management Ties −0.009 0.002 −0.035∗∗ −0.005

(0.006) (0.007) (0.013) (0.012)
Owners→ Board Ties 0.002 0.003 0.017 0.003

(0.006) (0.009) (0.013) (0.011)
Management→ Board Ties −0.000 0.006 −0.003 −0.015∗

(0.002) (0.006) (0.004) (0.006)
Board→Management Ties 0.001 −0.000 0.003 0.000

(0.002) (0.003) (0.004) (0.004)
Family Member 0.018 0.051∗ 0.006 0.052∗

(0.013) (0.023) (0.014) (0.024)

Observations 23380 10955 23380 10955
Year FE ✓ ✓
Firm × Year FE ✓ ✓
First Stage F-stat for Family Ties 98.014 65.111
First Stage F-stat for Management→Management Ties 536.387 71.896
First Stage F-stat for Board→ Board Ties 506.406 189.704
First Stage F-stat for Owners→ Owners Ties 166.979 121.541
First Stage F-stat for Management→ Board Ties 690.183 131.147
First Stage F-stat for Board→Management Ties 412.736 96.784
First Stage F-stat for Owners→ Board Ties 233.689 184.461
First Stage F-stat for Owners→Management Ties 273.265 88.469

Notes: Estimates from Equation 4. Contributions by Family Peers” refers to
∑

j∈Nfamily
i

y j f t, the
number of members of the individual’s family who make campaign contributions in a given
election cycle. This variable is positive only for members of a firm’s controlling family. Con-
tributions by Firm Peers” refers to

∑
j∈Nfirm

i
y j f t, the number of other members of the firm’s

leadership who made a campaign contribution. Columns 1 and 2 are estimated using OLS.
Columns 3 and 4 are estimated using 2SLS, instrumenting peer contributions with the sum
of peers’ exogenous characteristics. Controls include membership in top management; dual
membership in both management and the board of directors; fraction of voting shares owned;
prior public sector experience; elected office experience; and age. All specifications include
year fixed effects, and Columns 3 and 4 additionally include firm-year fixed effects. Standard
errors are clustered at the individual level. The total sample size (N = 34,335) is lower than in
the estimation of Equation 2 (N = 38,192) due to missing data in the age variable.
∗∗∗p < 0.001; ∗∗p < 0.01; ∗p < 0.05

When more than one generation is present within a family, we can disaggregate between the
oldest generation and younger members. In Table D5 (left panel), we report the effect of the
ban on the probability of making a contribution, separately by generation. We also re-estimate
Equation 4 by partitioning families into generations defined by levels in the family tree. We
classify family ties as downward (from higher to lower generations, e.g., from father to son),
upward (from lower to higher generations), and horizontal (between members of the same
generation). We then estimate the effect of each type of family tie separately (Table D5, right
panel).
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E. Family Identifiability

Table E1: Differences in differences: eponymous members

Probability of Contribution

(1) (2) (3) (4)

Family Member × Post 0.011 0.011
(0.028) (0.029)

× Firm Contributed Before 0.003 0.000
(0.033) (0.033)

× Firm Did Not Contribute Before 0.062 0.065
(0.049) (0.049)

Number of Ties × Post 0.034∗∗∗ 0.033∗∗∗

(0.010) (0.010)
× Firm Contributed Before 0.039∗∗∗ 0.038∗∗∗

(0.011) (0.011)
× Firm Did Not Contribute Before −0.007 −0.008

(0.020) (0.020)
Eponymous Member × Post 0.021

(0.034)
× Firm Contributed Before 0.026

(0.041)
× Firm Did Not Contribute Before −0.057∗

(0.023)

Observations 38192 30621 38192 30621
Adjusted R2 0.421 0.395 0.421 0.395
Firm × Year FE ✓ ✓ ✓ ✓
Individual FE ✓ ✓ ✓ ✓

Notes: Estimates from Equation 2 using OLS. Units are individuals in lead-
ership positions in one of the firms in the sample. Models include fixed ef-
fects at the firm-year and the individual level. Standard errors are clustered
at the individual level. The drop in sample size in columns 2 and 4 is due to
the fact that the interaction with pre-ban contributions required firms to ex-
ist before the ban, which is not the case for all firms included in column 1
and 3. See SI Table J2 for variable definitions.
∗∗∗p < 0.001; ∗∗p < 0.01; ∗p < 0.05

F. Similarity of Contributions by Family Members

We examine whether contributions by family members are more similar than those by individ-
uals unrelated by family ties, which could indicate higher preference homogeneity among fam-
ily members. To test this, we compute the cosine similarity between contribution portfolios—a
measure recently used by Bertrand et al. (2024) to study convergence in contribution patterns
following acquisitions. For each firm and year, we consider two groups: family members (if
the firm is classified as a family firm) and all other individuals in leadership positions. Within
each group, we focus on individuals who made contributions in a given year and compute the
cosine similarity between their contribution portfolios. Specifically, if individual i contributed
xi j dollars to party j, for j = 1, . . . , P, and we define yi j = log(xi j+1), then the cosine similarity
between individuals u and v is given by:

Cosine Similarityuv =

∑P
j=1 yu jyv j√∑P

j=1 y2
u j

∑P
j=1 y2

v j

.

This measure captures the degree of similarity between contribution portfolios. It takes a
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value of 0 if individuals contributed to disjoint sets of parties, and 1 if they contributed to the
same parties in the same proportions (in log scale). To quantify degree of the similarity of
contributions within each group, we compute the average of the cosine similarities for each
pair of members of the group. We refer to this measure as the group’s mean cosine similarity.
Table F1 (left panel) shows no evidence that family members’ contributions are more similar,
nor that similarity increased after the ban. Table F1 (right panel) reports the average mean
cosine similarity by type of tie and year. While family members’ contributions are generally
slightly more similar than those of unrelated firm members, the difference is small and, as noted
above, statistically insignificant.

Table F1: Similarity of contributions within firms, by type of tie (left panel), and by type of tie
and year (right panel)

Mean Cosine Similarity

(1) (2)

Family Members × Post 2015 −0.034 −0.087
(0.091) (0.079)

Family Members 0.057 0.099
(0.074) (0.081)

Post 2015 −0.038
(0.035)

Observations 518 518
Adjusted R2 −0.002 0.181
Firm FE ✓
Year FE ✓

Notes: Estimates from a regression of mean cosine similar-
ity—computed separately for family and non-family members for each
firm and year in the sample—on an indicator for group type (defined by
the presence or absence of family ties) and an indicator for the post-ban
period. Column 1 reports estimates from a pooled OLS model. Column
2 includes firm and year fixed effects. Standard errors are clustered at
the firm level.
∗∗∗p < 0.001; ∗∗p < 0.01; ∗p < 0.05

Mean Cosine Similarity

Year Family Members Other Individuals

2010 0.54 0.46
2012 0.47 0.37
2014 0.36 0.35
2016 0.32 0.37
2018 0.49 0.36

Notes: Average of the mean cosine similarity by type of
tie and year.

G. Placebo Treatment: The Mensalão Corruption Scandal

We consider the possibility that our results might be driven by the fact that corruption scandals
can affect campaign contributions through a “scare-off” effect, thereby depressing the overall
amount of money in politics. We discuss these results in the alternative mechanisms section of
the article.
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Table G1: Difference-in-differences specification using the Mensalão scandal as a placebo
treatment

Including Municipal Excluding Municipal

Mensalão Ban Mensalão Ban

(1) (2) (3) (4)

Family Ties × Post Shock 0.010 0.035∗∗∗ 0.013 0.044∗∗∗

(0.006) (0.010) (0.008) (0.013)
Family Member × Post Shock −0.006 0.014 −0.013 −0.007

(0.021) (0.027) (0.029) (0.041)
Manager × Post Shock 0.009 0.006 −0.005 0.009

(0.007) (0.009) (0.009) (0.014)
Manager and in Board of Directors × Post Shock −0.016 0.027 −0.015 0.029

(0.013) (0.017) (0.019) (0.023)
Politician × Post Shock −0.012 0.041 −0.034 0.058

(0.039) (0.047) (0.048) (0.085)
Worked in Public Sector × Post Shock −0.007 0.020 −0.014 0.051

(0.018) (0.025) (0.022) (0.040)
Fraction of Voting Shares Owned × Post Shock −0.000 0.125∗ −0.064 0.119

(0.035) (0.054) (0.057) (0.072)

Observations 53952 53396 30703 30510
Adjusted R2 0.345 0.371 0.395 0.438
Firm × Year FE ✓ ✓ ✓ ✓
Individual FE ✓ ✓ ✓ ✓

Notes: Ban regressions (columns 2 and 4) cover the years 2006–2018. Mensal ao regressions (columns
1 and 3) cover 2002–2014. While we use contribution data going back to 2002, data on firms and their
leadership are only available from 2010 onward. We therefore use the earliest period available for this
analysis.
∗∗∗p < 0.001; ∗∗p < 0.01; ∗p < 0.05

Figure G1: Mensalão scandal. Left panel: dynamic effects plot. Right panel: Average contri-
butions by firms and leadership.
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(2002–2018). Vertical dotted lines indicate the Mensalão scandal and the 2015 ban on corporate contributions.
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H. Differences-in-Differences Robustness

H.1. Binary Treatment

Table H1: Difference-in-differences specification (binary treatment)

Probability of Contribution

(1) (2)

Family Member × Post 2015 0.097∗∗∗

(0.020)
× The Firm Contributed Before the Ban 0.108∗∗∗

(0.024)
× The Firm Did Not Contribute Before the Ban 0.050

(0.030)
Manager × Post 2015 0.010 0.006

(0.010) (0.010)
Board of Directors × Post 2015 0.015 0.015

(0.011) (0.011)
Manager and in Board of Directors × Post 2015 0.026 0.030

(0.017) (0.021)
Politician × Post 2015 0.030 0.027

(0.050) (0.050)
Worked in Public Sector × Post 2015 0.022 0.005

(0.025) (0.023)
Fraction of Voting Shares Owned × Post 2015 0.150∗∗ 0.186∗

(0.055) (0.082)

Observations 38192 30621
Adjusted R2 0.420 0.394
Firm × Year FE ✓ ✓
Individual FE ✓ ✓

Notes: Estimates from Equation 2 using OLS. The unit of analysis is individuals in leadership
positions within firms in the sample. Models include firm-year and individual fixed effects.
Standard errors are clustered at the individual level. The reduction in sample size in column 2 is
due to the interaction with pre-ban contributions, which requires firms to have existed before the
ban—a condition not met by all firms included in column 1. See SI Table J2 for variable defini-
tions.
∗∗∗p < 0.001; ∗∗p < 0.01; ∗p < 0.05

H.2. Robustness to Parallel Trends Violations

Rambachan and Roth (2023) propose a method to assess the robustness of results to potential
violations of the parallel trends assumption. The approach tests whether results remain valid
under small but non-zero violations, using information from the pre-treatment period. Given
a parameter M, which can be specified by the researcher, the method provides an “honest”
confidence interval around the point estimate of the ATT. This interval is robust to a viola-
tion of parallel trends equal to M times the maximum deviation observed in the pre-treatment
period.Importantly, the method incorporates uncertainty about the estimation from the pre-
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treatment data. While such uncertainty can help in visual tests of “no pre-trends”—since greater
uncertainty makes it harder to reject the null of no violation—it also makes the robustness test
more stringent, as it increases the size of the maximum deviation consistent with the data.
Reassuringly, we find that our estimate is robust for values of M close to 1. That is, even al-
lowing for a violation of parallel trends equal to the maximum deviation consistent with the
pre-treatment data, we can reject the hypothesis that the ATT is zero at the 5% level.

Table H2: Rambachan and Roth (2023) test of robustness to violation of parallel trends

M Lower Bound Upper Bound

0.5 0.0097947794 0.05704019
1.0 -0.0009602725 0.06856346

I. Dataset on Brazilian Listed Companies

Brazilian public firms are required to submit detailed reports to the country’s securities regu-
lator, the Comissão de Valores Mobiliários (CVM). This information is available on the CVM
website and can be accessed at the following link: http://sistemas.cvm.gov.br/. Among the
disclosed documents are structured reports (Formulários de Referência) and registration forms
(Formulários Cadastrais), which contain additional company information. The data reported
include, but are not limited to: (i) basic accounting information, such as main sector of activity,
assets, profits, and debt; (ii) ownership structure, including the proportion of shares traded in
public markets, the identity of individuals and legal entities holding blocks of voting shares,
and—recursively—the ownership structure of those entities; (iii) biographical and professional
information on board members and top executives, including their names, positions, and pro-
fessional background (e.g., prior elected office or bureaucratic service); (iv) family ties among
individuals in leadership positions (directors, top executives, and blockholders). See Balán,
Dodyk and Puente (2022) for more details.

J. Variable Definitions
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